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 Idenfification of enferprise activity codes stands as a crucial e
task enabling establishment or renewal of databases and

making informative decision about economic tendencies. predefined

utilizing

« Gathered insights allow for informative decisions about taxes,
neecded state-aid and competition analysis.
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TOPIC MODELING

Intertopic Distance Map (via multidimensional scaling)

Top-30 Most Salient Terms1
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1ST LEVEL NACE CODE

CLUSTERING RESULTS

The best results Tor each clustering model, where silhouette score > O

: Feafture S y
Embeddings » Clustering Algorithm
Selection

CARD

# of Silhouetie
) DB Index CH Index
clusters score
82

LaBSE UMAP Kimeans 0.3/764 0.8399 13408.4
CENTRE LaBSE UMAP Agglomerative 82 0.3751 0.8356 12552.3
~FOR APPLIED LaBSE UMAP Gaussian Mixfure Model 20 0.3351 0.8424 8011.0
RESEARCH Word2Vec  PCA Mean Shift 14 0.4614 0.8584 38849
AND LaBSE UMAP BIRCH 31 0.3495  0.6718 9560.3
DEVELOPMENT Word2Vec AUTOENCODER Deep Embedding Clustering 20 0.0679 2.0577 2666.2

DB Incdex - Davies-Bouldin Index, CH Index - Calinski—Harabasz Index

CONCLUSIONS

« The total of 195 experiments were conducted across all embeddings and feature selection combinations for 4

clitTerent levels of NACE.

« Experiments showed that for embeddings LaBSE and Word2Vec and for feature selection principal component
analysis and UMAP are the most promising.

« Most suitable clustering algorithms are KMeans, Agglomerative clustering and. Mean Shift clustering.
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